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Design and Implementation of Web Page Automation Classification

System Based on K — Nearest Neighbor Algorithm

w
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( Tongji University, Shanghai 201804, China)

Abstract: The capacity of information in the network is growing like explosion, and it is much harder for people to find information that

they want to precisely and quickly. The appearance of Web search engine resolves that problem in some level. However the popular search

engine nowadays can not search in a special category. To improve the accuracy of search, decisions for whether a Web page belongs to the

target category needs to be made automatically. Introduce a Web page automation classification method based on one of machine learning al-

gorithm named K — nearest neighbors(KNN) algorithm, which can be used to decide if a Web page is relative to a special category. This

page also proved the improvement of this method by experiments.

- Key words: K — nearest neighbors algorithm;machine learning; Web pages automation classification
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