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Host Load Prediction Based on AR Module
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Abstract: As a probability and statistics methodology, linear time series has been applied to many fields. AR module is one of the mast fa-
miliar lincar time series, which based on self — similarity characteristic of time series, predict host load using past observed hast load. This
istic of AR madule to predict host load in distributed real — time system. In
a system with several hosts involved, if the application can predict the exact load of each host, it will be helpful to not only the schedule

paper will use this statistical ct and predicable ch

but also the performance, for the scheduler can choose a host o perform.
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