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Unifying Filter Approach to Texture Classification
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imum weight dependence trees and the naive bayes classification are explored. Finally, the experiments demonstrated that the method of

Abstract: The objective of this paper is the classification of textured materials unifying filter approach. Firsily, the filter bank is cxploited

to generate features, and the filter responscs are described as the feature of texture. Secondly, the two classification approaches; the max
Key weords: texture; machine learning; classification
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