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Abstract : Text categorization is the basis and core of textual data mining and SVM is one of the best solutions to this question. How to ef-
fectively extend support vector machines (SVM) for multi — category classification is still an on — going research issue. Presents a general

overview of existing representative methods for multi — category support vector machines and systematically compares them. Lastly, it pre-

sents some existing problems and future developments in text categorization field,
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