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Kalman Filter Algorithm under Non — Guassian Noises
Using Entropy Theory
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Abstract: Describes the principle of the Kalman filter from a new perspective, where a specified algorithm has been developed on the as-
sumption that the entropy theory could be used for the design of the Kalman filter under non — Guassian noises. Traditional Kalman filter
has got the optimal filter estimate under Guassian noises without thinking that there are always some unknown, uncertain even no — Guas-
sian noises in reality. In order to clarify the experiment result using the entropy theory for non — Guassian filter design, the mathematical
statistics are applied in the paper so as to illustrate the filtering effects for the explanation of its feasibility. It has also been shown that the
proposed filtering even fits for unknown possibility or ambiguity parameter of noises in Kalman filter design. Also provides a new and uni-
versal way for studying the generalized noises of stochastic systems.
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