%18 %

HENKRREAR

COMPUTER TECHNOLOGY AND DEVELOPMENT

i
[\
&

o

1 Vol.18 No.12
Dec. 2008

2008 4E

—

2

ETEZ/NEMIFEENS KT RELE

B!, 7R RS ARL T RiK 4 F2
(1.REBIXZ OAEEFLEER, BLIL A RIE 150040;
2. OABFHBIAF AEXLHBE LS TR, G4 F A AME 220050)

B E.BREYNRTFEQEF BB RPN, CPEFFR/MEERASER F, RAESE MO ER
BEFSESK. LFHBIRLTIHNEREEER TR —R2%NE, ERETERTEIBLH VC R
HRER/DNREER FRETROREAE SRR NEREREIR I ZEFRBETTE, DK B BRI OR 8,
R IR SR M & R (ERBF) W, 4 B IE A 34 85% , LA RIR & BRI A KRB 32588, S AR R T
21% 1 23% . LRGRRU, RA/PEMIFFABITER-HHYA RN T RBRLETE, '

KRR F RSB /NE SRR B L R

hE 438 . TN912.3 XRARINAG A FTHRE 1673 - 629X(2008)12 — 0019 — 03

Musical Genre Classification Based on Continuous
Wavelet and Support Vector Machines

YAN Jing-bin! , IGOR. Kheidorov?
(1. Electric & Electronic Engineering College, Harbin University of Science and Technology, Harbin 150040, China;
2. Department of Radiophysics and Electronics, Belarusian State University, Minsk 220050, Belarus)

Abstract: Musical genre classification task falls into two major stages: feature extraction and classification. According to a research in
wavelet theory, continuous wavelet analysis method is used to extract feature parameters of music. SVM is designed to classifying of limit-
ed samples. It is based on VC dimension and the ERM(expectation risk minimum)of statistical learning theory. According to information
of limited samples, there is a trade — off existing between models complexities and learning capability to get best extending ability. Expo-
nential radial basis function (ERBF) kernel function are used to classify the musical genre,85% of classification are correct. In comparison
with Gaussian mixture model (GMM) classifier and K nearest neighboring (KNN) classifier, the classification performances are improved
by 21% and 23% respectively. Experimental results indicate that wavelet and SVM is’ useful method for musical genre classification.
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