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Abstract: As a representative experimental platform of multi — agent system, RoboCup(Robot World Cup) by which various theories, al-
gorithms and architectures can be evaluated, has become the research center of artificial intelligence. To resolve the problem about defen-
sive strategy of goalie in RoboCup environment, based on Q learning proposed a method which trained goalie. Confirm the algorithm in

RoboCup environment and implement the optimization of defensive strategy about goalie.
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