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Research on Sentiment Classification of BBS Reviews
Based on Identifying Words with Polarity

CHEN Jin-he,FAN Xin, SHEN Wen, SHEN Jie
(Dept. of Computer Science, College of Information Engineering,
Yangzhou University, Yangzhou 225009, China)

Abstract : Aiming at the phenomenon BBS network information is mess, present a high performance method to solve BBS sentiment classi-
fication problems. It can help people locate the required reviews in the BBS, and identify the comment is affirmatives of negatives. Based
on the different probability whether the words have polarity, use maximum entropy to identify the words with polarity as features. Then
use SVM classifier to deal with the texts in order to judge it is positive or negative. The experiments show that this method achieves a

high performance.
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