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A Features Analysis Method of Software Resources
Aspect-oriented
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Abstract; For a variety of software resources in the Internet environment, an analysis method based on aspects feature of the available
software resources was explored in order to effectively reuse existing software resources. This approach from the concerns of the program
section analyzes the functional characteristics the software can provide, which describe the specifications of software resources,and the call
between using software resources and the weaver of software was built by section structure analysis to provide a logical schema and reuse
existing software resources. A reverse engineering approach could be provided by the software analysis methods for the reuse of existing
heterogeneous software resources, which can improve the availability of software resources reuse. The approach could be verified by anal-
ysis on log components in the Internet.
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AFM = ( Concerns, Pointcuts, Facts)

Frh Concerns Sy 36T &1, R 1FE R HRA X 43 Ffd
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2 ET AFM NRERFERI S SHE
2.1 AFM HBEHIRIES

7 LMP Y i —F B ERFIEERERCH
ERERENERF XX TEEFEFHTHER
Z BTN R, E AOP 8 T30, X
BEIE S M — R R IER SR A T AFM 4,
CRHET AFM (iR 5B AER, X8R
AFM WA FRE—FREHE.
2.1.1 B IETESE

—FMHRFTERIES - RIEZRBERANES, X
F AFM & , W7 E—Fl A BRI ER S B 7
MBS . EXMIES P, —FF EFERX EIFE RN
BHEAERAES 7E AFM SRS Wa & —MBEER,

XFHEEHREFTHERESUTIVE:

(1) FEZERHR BT A ik AR E B8
RB(HKBES "), IMREREETUAET
EEEFEURLCNFIRESZB LT UREGLSH
filo

(2)ZBARU—RISIE, Bl B4,

(3) AFM HZ B FE R EH K, — 1 AFM f1 281
RIBFX EHB K =T RFTEHER, NTTTER
AFM KB 5E X

(4) AFM BB LAt i) AFM BB A4 A
R WAT R E B R AR 8 H A AFM 7] 1%, X B
HAth AFM 7] LA5| 2 AFM 5,
2.1.2 AFM B4 345 T 6944

Xt F— B o, ERA — N IRERRE £, B
BEPH—NFE m PFEFHAE c WINEERHE,
8 ¢ A] LIE R —A AFM K17 B o(f, m, logics) ,
FIFH B ERHARE S XX AFM AHER S MR IR
1 BiR:

A1 AFM t98fe R S48k

BRI v .

adviceBefore(? m,? c~>f) EPATHE m ZRTFA AFM o 19
THEHHE f

adviceAfter( 7 m,? c—>f) EPITHEm ZE8A AFM c &y
ZHREHFAE £

2.2 AFMBIRER
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"(1)EHE, Logd] FAlE— Log 2K, BHhH—1
5 HEM log Frik, KR E S AT LUH IR A methodInClass
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log4]. properties ,? logdj. appender. file)= log4j. proper-
ties—> logd]. appender. file,
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@ Pointcut( " ( { adviceBefore (7 m,?7 c->log) 11 adviceAfter
(7 m,? e~>log)) 1l (( ( adviceBefore (? m,? c¢-> log,? c—>
log equal ? para—name) || (adviceAfter(? m,? c¢-> log,? c—>
log equal 7 para~name ) )

@ Before [ 7 m,? c—> log]

Call before( JoinPoint joinPoint, Loggable loggable) ;

@ Before [ 7 m,? c—> log,? c¢—> log equal ? para—name ]

Call before( JoinPoint joinPoint, Loggable loggable) ;// 41 A#)
AR

@ After [7 m,? c-> log,? c—> log equal ? para—name ]

Call after ( JoinPoint joinPoint, Loggable loggable, Object re-
turnValue) ; /Y ARIBA A

@ After [? m,? c~> log]

Call after ( JoinPoint joinPoint, Loggable loggable, Object re-
turnValue ) ;

3.3 HEAFM4AA
TEREERF b, AT A H K AFM 1) 2 B4

fiE , i@ E B RO A R
THEX T A EBNEEHIARAARR
AFM KD BERHIER AT

@ Before( ? value = " @ annotation (loggable)" , ? argNames
= "joinPoint, loggable" )

public void before( JoinPoint joinPoint, Loggable loggable )

| Class clazz = joinPoint. getTarget( ). getClass( ) ;// R 2K

String name = joinPoint. getSignature( ). getName( ) ;

if (ArrayUtils. isEmpty ( joinPoint. getArgs( ) ) )

{ logger. log ( loggable. value ( ), clazz, null, BEFORE _
STRING, name, constructArgumentsString( clazz, joinPoint. getArgs
O))s

| else {logger. log(loggable. value( ), clazz, null, BEFORE_
WITH_PARAMS_STRING, name, constructArgumentsString( clazz,
joinPoint. getArgs())); |

@ After(? value = " @ annotation( trace)", 7 returning = "
returnValue" , 7 argNames = "joinPoint, trace, returnValue" )

public void after ( JoinPoint joinPoint, Loggable loggable, Ob-
ject returnValue)

{ Class clazz = joinPoint. getTarget( ). getClass( ) ; // K53,

String name = joinPoint. getSignature( ). getName( ) ;

if (joinPoint. getSignature( ) instanceof MethodSignature )

{ MethodSignature signature = ( MethodSignature) joinPoint.
getSignature( ) ;

Class returnType = signature. getReturnType( ) ;

if (returnType. getName{( ). compareTo( " void" ) = = 0)

| logger. log ( loggable. value ( ), clazz, null, AFTER _RE-
TURNING_VOID, name, constructArgumentsString ( clazz, return-
Value) ) ;

return; | |

logger. log(loggable. value( ), clazz, null, AFTER_RETURN-

ING, name, constructArgumentsString( clazz, returnValue) ); |
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The results are listed in Table 2. First, from the ta-
ble 2 , see that the detection rates of T-KMOD is the
highest. Second, the detection rate and the false alarm
rate are two constraining indicators, so a higher detection
rate may result in higher false alarm rate. T-KMOD has
the highest detection rate ,however it has a higher false a-
larm rate than KMOD, it’ s lower than POLY, and still
in the acceptable range. Third, as shown in Table 2, the
training time of T-KMOD is the least, which indicates T
~KMOD has good performance in reducing the training

time.
Table 2. Comparison of the performance of the
four kernel functions
Set C-SVM  Detection False alarm  Train Test
€
(kernels) rate( % ) rate(% ) time(s) time(s)
POLY 84.134 15. 866 15.350 7.842
DS RBF 83.544 16. 456 13.739 10.948
KMOD 87.451 12.549 5.823 5.382
T-KMOD 91.692 8.308 2.431 2.732
POLY 85.832 14,168 30.552 6.930
DS2 RBF 86.358 13.642 58.398 25.932
KMOD 90. 683 9.317 20.743  4.539
T-KMOD 93.802 6.198 15.590 2.473
POLY 82.483 7.517 48.395 7.892
DS3 RBF 85.928 4.072 68.932 28.392
KMOD 91.842 8.158 32.478 6.821
T-KMOD 94.515 5.485 10.892 3.589

The above results show that the performances on
network intrusion detection of T-KMOD is more better
than that of other kernel functions.

3 Conclusion

In this paper, T - KMOD kemel function is de-
scribed. From the discussion above, know that the T -
KMOD kernel has two main advantages: one is that it is
not necessary to make a selection out of the above men-
tioned kernel functions, which can simplify the modeling

process and will save much computing time. The other is

O U S O GO GOV SN S G Gt GO SV SV U VT GO WO WO

that due to its flexibility to vary, it has a stronger map-
ping ability and can properly deal with kinds of mapping
problems.
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