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Abstract; In existing method of calculating similarity , TFIDF which is usually used to obtain weights of key words doesn’ t take into con-
sideration the influence of key words’ position and their dispersion in text library ,and moreover runs in low efficiency when dealing with
large quantity of data. To tackle the problems above, propose a kind of TFIDF algorithm ( TFIDFWGE) based on the semantic informa-
tion entropy and information gain by adding position weight to key words and calculating the entropy and information gain to acquire final
value. The algorithm adds position weight and calculation entropy and information gain for given keywords to get the final weights of
keywords, and use Map/Reduce framework of Hadoop platform to achieve TFIDFWGE algorithms and Vector Space Model ( VSM) in
the text similarity calculation process. Experimental results on two real datasets show that compared with the existing TFIDF, TFIDF-

WGE’ s recall and precision is higher,and in the Hadoop platform text similarity detection system is more efficient for information large
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text database processing.
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1 Initialize two HashMap collections hm and map;

2 use keySet method traverse the collection he;

3 for each hasNext()! =null do

4 execute next( ) method obtain the key of the collection hc;

5 if the collection hsc contains the key

6 obtain the value of this key,execute the formula(2) ;

7 if the collection hm contains the key then

8 obtain the value of this key and plus the current value;

9 insert <key,value> into the collection hm;

else insert<key,0> into the collection hm;

10 use keySet method traverse the collection hs;

11 for each hasNext()! =null do

12 execute next( ) method obtain the key of the collection hs;

13 if the collection he and hse contain the key

14 obtain the value of this key,

15 execute the formula(3) and multiplied by hm. get(key) ;

16 insert <key,value> into the collection map;
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