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Improvement of Multi-classification Integrated Selection
Based on Min-Max—-Module

ZHOU Feng , WANG Wei-yang
(School of Information & Engineering, Shanghai Maritime University , Shanghai 201306 , China)

Abstract; With the expansion of the data size,a single weak classifier has been unable to predict unknown samples accurately. To solve
this problem, an integrated learning is proposed. Combined the integrated learning and classification, the idea of integration is also used in
the feature selection at the same time. For the increase of sample prediction accuracy, a strategy based on Min-Max—Module (M3) is put
forward. It makes integrated learning applied to feature selection algorithms and classifier, and compares four kinds of integration strategies

as well as three different classification methods. The results show that the proposed method can be able to achieve good results in most ca-
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ses,and can well handle imbalanced data sets.
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