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Median Weighted Filtering Algorithm Based on UK-flag
Shaped Sub-windows

SHEN De-hai,HOU Jian,E Xu,ZHANG Long-chang, YAN Qi
(College of Information Science and Technology , Bohai University , Jinzhou 121013, China)

Abstract ; Traditional median filer and mean filter algorithms can eliminate the impulse noise and Gauss noise in an image respectively,
but when the image contains these two types of noise at the same time, their filtering effect are not ideal. In order to suppress the impulse
noise and Gauss noise mixed in the image,a median weighted filtering algorithm based on UK-flag shaped sub—windows is proposed,
which uses the ideas of the multistage median filtering to divide 3x3 filtering window into UK-flag shaped sub—windows and then non-
impulse noise pixels and their medians is calculated. The normalized method is employed to calculate the weights of these median pixels
so that each median pixel in sub—window and its corresponding weight is weighted. The results have been acquired via filtering output of
center pixel in the filtering window. Experimental results indicate that it has good filtering performance for mixed noise images and keeps
the image edge details fare well and that the filtering effects are superior to the traditional median filtering algorithm, mean filtering algo-
rithm and MLM algorithm, which displays certain practical value.
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