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Abstract: The big data itself is large and complex and its value is full of uncertainty under the package of huge data.In the face of big da—
ta its application value cannot be reflected if its usability cannot be analyzed and the effective data processing method cannot be applied.
At present many methods have been proposed for the usability analysis of big data but there are few for the usability evaluation especial—
ly the quantitative analysis.For this it needs to sort out the factors affecting the usability of big data and combined with mathematical
methods a research model about big data usability and mining strategy is established.On the basis in order to improve the availability of
data the feasible scheme of improving big data availability is discussed based on the factors which affect the big data availability for dif-
ferent data mining scheme to carry on the quantitative comparative analysis.

Key words: big data; data usability; AHP; big data mining; usability evaluation

0 3-4

2015 { by : N N N

o ( volume) . o : N

( variety) . ( velocity) ( val- N o

ue) ] o AHP
‘@ » 2
o 1
:2017-05-04 :2017-09-04 12018-02-08

(2017FB095) ;
(2016FDO60) ;
(1987-)

> http: //kns.cnki.net/kems/detail /61.1450.TP.20180207.1809.032. html

(61763048 61263022 61303234) ;

(20172ZX001)

() CCF (75203M)

( 12XTQ012) ;
(2015HB038) ;



«52

”

4V

28
AHP
2 AHP
2.1 AHP
AHP( )
12-13
AHP
2.2
AHP
1
AbIZ2 | B R T A |
\
— m s | ||| [ |
e AR SEEANE SR RREEY
= “I’Jr: AR R AR AR
Cy Co C3 Cy Cs Cq s
HREP P Py 7
1 AHP
(1) ( ) o
AHP .
(2) ( ) o
o 7 C=
{Cl Cz C3 C4 Cs CG C7} °
(3) ( ) o
2



AHP 53

1
3 1
[ ?Y\ “ ” 3 C,’ Cj
P={P P, P} o 5 G G
o 7 C; ¢
9 C, c
2468
2
c, c, C, c, Cs Cq c,
C, 1 1 3 1/5 3 1/3 3
C, 2 1/3 1 1/3 1/2 1/2 3
Cy 3 5 3 1 4 3 5
C, 4 1/3 2 1/4 1 1/3 3
Cs 5 3 2 1/3 3 1 5
Cy 6 1/3 1/3 1/5 1/3 1/5 1
° (o 7 1/7 1/5 1/9 1/5 1/6 1/3
) o
(2) ( )
. 1 ’
3
12
2 Y
c={cC C, ¢, C, C5 C; Cr} .
i J o
ek 2 FHICE
— 8 C, P | P, P, P, P, P, P, P, P,
1 1 2 3 02 1 2 3 03 1 2 3
P, 1|3 |13 P 1 |15 )12 P, 1| 2 3
P, /3] 1 /5 P, 5 i 4 P, /2] 1 2
P, 3 5 1 P, A VZ I | P, 173 1172 1
SEAETE A Al — P
c, P BB c. P BB c, A B | B
P, 1|6 | 3 P, 1| 3 |13 P, 1| a4 | 12
P, 176 | 1 | 1/3 P, 73| 1 | 1/5 P, 174 | 1 1/5
P, 173 | 3 1 Py 3 5 1 P, 2 5 1
VREWC, | P | B | P,
P, 1| 4 |12
P, 74| 1 | 1/5
P, 2 | s |1
2
¢, P, P, 0= 0, w0, 0, ©; ¥, ®,) =
C, P, (0.156 0.096 0.362 0.106 0.207 0.049
. 0.024) " (1)
A, =7.611 (2)
14-15
2:

max *



54 28
CI AIHL\X - 5
CR=— CI= - (3)
RI n—1
CI=0.102 CR=0.077, CI P, w(P)) =0.401
yn Py w( P,) =0.231
;R 1 000 Ps o(Py) = 0368
3 : (1)
CR . €<0.1 Con Cs ¢
Gy
3
n RI n RI
1 0 9 1.46 (2) P1>P3>P20
2 0 10 1.49
3 0.58 11 1.52
4 0.90 12 1.54 :
5 112 13 1.56
6 1.24 14 1.58
7 1.32 15 1.59 °
8 1.41 - 11
3:
(w, w, w;)=(0.260 0.106 0.633)
(w, w, ws;,)=(0.118 0.681 0.201)
(w; wy wy)=(0.539 0.297 0.164)
(., w, wy,)=(0.653 0.096 0.251) ’
(w5 s wsys)=(0.260 0.106 0.633)
(s wy i) =(0.334 0.098 0.568)
(w,; wy wy;)=(0.600 0.200 0.200) ALIP
4:
o 3 1 )
w, 4.
7
a)(P/-)ZZw,-Xw (4)
i=1
{ o(P) o(P) o(P;)}={0.401
0.231 0.368} a)(P]) J
3.4 ’
4 5 o
4
c, w; =0.156
c, @, =0.096
G, w3 =0.362
Ca w4 =0.106 GANTZ J REINSEL D.Extracting value from chaos EB/
Cs ws =0.207 OL .(2011) 2017-07-05 .https: //russia.emc.com/col—
Co ws =0.049 lateral / analyst—reports/idc—extracting—value—from —chaos—
c, w, =0.024

( 58 )



e 58 ¢

28

. 2016 ;12( 10) : 1466-1489.
2012 29( 8) : 2806-2810.
2016 36(9) :2568—2515.
2004 21(9) : 1-4.

J. 2007 33( 1) : 84-90.
Adaboost
J. : 2009 32(2):292-
295.
FELZENSZWALB P GIRSHICK R MCALLESTER D et
al. Visual object detection with deformable part models C //
Computer vision & pattern recognition. Washington DC
USA: IEEE Computer Society 2010: 2241-2248.
DPM
J. 2016 44( 11) : 2668-2675.
GIRSHICK R DONAHUE J DARRELL T et al.Rich fea—

10

12

13

14

15

16

ture hierarchies for accurate object detection and semantic
segmentation C //Computer vision and pattern recognition.
Washington DC USA: IEEE Computer Society 2014: 580—
587.
GIRSHICK R.Fast R—=CNN C //International conference
on computer vision. Washington DC USA: [EEE Computer
Society 2015: 1440-1448.
REN S HE K GIRSHICK R et al.Faster R—=CNN: towards
real — time object detection with region proposal networks
C //Proceedings of the 28th international conference on
neural information processing systems. Cambridge MA
USA: MIT Press 2015:91-99.
REDMON J DIVVALA S GIRSHICK R et al. You only
look once: unified real —time object detection C //IEEE
conference on computer vision and pattern recognition. Wash—
ington DC USA: IEEE Computer Society 2016:779-788.
LONG J] SHELHAMER E DARRELL T.Fully convolutional
networks for semantic segmentation J .IEEE Transactions
on Pattern Analysis & Machine Intelligence 2017 39( 4):
640-651.
EVERINGHAM M VAN GOOL L WILLIAMS C K I et
al.The PASCAL visual object classes challenge J .Interna—
tional Journal of Computer Vision 2010 88( 2) : 303-338.
SIMONYAN K ZISSERMAN A.Very deep convolutional
networks for large—scale image recognition EB/OL .(2014
-04-10 2017-06-13 .https: //arxiv.org/abs/1409.1556.
HE K ZHANG X REN S et al. Deep residual learning for
image recognition C //Computer vision and pattern recog—
nition. Washington DC USA: IEEE Computer Society 2016:
770-778.

54 )
ar.pdf.

2013 50: 216-233.
2013 50( 6) : 1147-1162.

2016 27(7) : 1605-1625.

MILLER D W YEAST J D EVANS R L.Missing prenatal
records at a birth center: a communication problem quantified

C //Proceedings of AMIA annual fall symposium.Mary—
land: American Medical Informatics Association 2005: 535—
539.
SWARTZ N.Gartner warns firms of ‘dirty data’
mation Management Journal 2007 41( 3) : 6—-12.
KORN F MUTHUKRISHNAN S ZHU Y.Checks and bal-

J .Infor—

ances: monitoring data quality problems in network traffic da—
tabases C //Proceedings of the 29th international confer—

2003: 536-547.

ence on very large data bases. s.l. @ s.n.

8

12

13

15

XIONG Hui PANDEY G STEINBACH M et al. Enhancing
data analysis with noise removal J .IEEE Transactions on

Knowledge & Data Engineering 2006 18( 3) : 304-319.

J. 2016 44( 12) : 2426-
2430.
2
J. 2016 27( 8) : 2068-2085.
M. 2013.
AHP .
2010 20( 12) : 115-117.
AHP
. 2013 30( 3) : 742-744.
M .
1986: 22-26.
J. 1999 19(9) : 113-115.



