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Design of License Plate Recognition System Based on Deep Learning

CHEN Li'?
(1. School of Information Science and Technology , Northwest University, Xi’ an 710127 ,China;
2. Department of Basic Courses, Tongchuan Vocational and Technical College, Tongchuan 727031, China)

Abstract; With increasing of vehicles in domestic,how to effectively manage a large number of motor vehicles has become the main prob-
lem in the current traffic management institutions. In this paper, we propose a prototype system of license plate recognition through the re-
search of license plate location, license plate character segmentation and recognition by using deep learning technology. In the plate pre-
processing module, a series of operations,such as image grayscale processing,are used for denoising in the non-license plate area. In the
plate location module,a target detection method based on deep learning is adopted. After the binarization and tilt correction, license plate
characters are segmented by vertical projection. Finally,the similarity between the image and the template is calculated by the improved
Hausdorff distance, and the license plate characters are recognized by the template matching method. The experiment shows that the accu-
racy of license plate recognition system is higher than others.

Key words;image preprocessing ; license plate location ;license plate character segmentation ;license plate character recognition ; Hausdorff
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