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Abstract; To improve the depth and breadth of personalized education by fully exploring and analyzing the learning behaviors and
cognitive characteristics of users with the help of the Internet and artificial intelligence technology, a personalized learning resource recom-
mendation system with user portrait is designed, which consists of data layer, data analysis layer and recommendation calculating layer.
The data layer includes user information and a repository containing knowledge materials, learning materials and tag sets. The data
analysis layer integrates static data and dynamic data represented by basic information and learning behavior, so as to generate
personalized portrait and provide intuitive learning feedback for users. The recommendation calculating layer finds out the patterns of
learning behavior for users by similarity analysis and cluster analysis, mines the resource preference of users by using the TF -IDF
method,and gives personalized learning suggestions accordingly. This system has been used in an online platform for artificial
intelligence education tested its capabilities of providing teachers and students with personalized portrait, learning feedback and resource
recommendation for the second semester.
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