§31% 4512 HTENMRARSARE Vol.31 No. 12
2021 £ 12 H COMPUTER TECHNOLOGY AND DEVELOPMENT Dec. 2021
= 1 N i
HE T X Frm=BF4&E B R JE F il 75 &
F R, RALA
(FBwbrd X5 EAF R, R Hw 210023)
 OE R TR TR TR RO A RGORS HA TR X, 8RR A ORI 1k A4 1l =R D

0

[ BRR Ry =2, AN REH R A S B AS DU A A5 5K o % B ot A 10 2 ) 2 R 9 LA R ot 30 7 2 % o 8 AT 5 I A
PR T — P ' L 2R R AR Fg 5 SR o e DA TR % i T 59, T R AU N ' e S B R i A
55 AR 5 T bR M 7 15 Y R AR 23 22 e, P T 0 A ' P 25 R A0 15 5 DA B — B 3 500 B B B S
I 3607 JFF Sz 35 o 2 0 0 s g A T A0 PR AR, 6T MIMILC T 50308 2 R 50 1 A 7 S 6 | 235 SR R W2 A 180 A sk 3l
N AR, 7E 348 15 2 T34 Oy AR 1 22 Oy T (0 3RO T30 0 7 12k, T) b i, e 0000 (1 R Z2 OB AE 96 % 14— 3 PRI T
SRR : MU TIN5 SHE 1) & A B0 5 (55 b 1 s A% 5 Ol B A BUIGi B

FE 5SS TPISI XEKARIZED: A XEHS:1673-629X(2021)12-0161-06

doi:10.3969/]. issn. 1673-629X.2021. 12.027

A Blood Pressure Prediction Method Based on
Support Vector Regression Model

WU Xiao-jiao, WU Li-fa

(School of Computer Science,Nanjing University of Posts and Telecommunications, Nanjing 210023 , China)

Abstract: Real-time detection of blood pressure is of great significance for timely understanding the state of the human cardiovascular
system. The traditional invasive and cuff blood pressure measurement methods are mainly intermittent, which cannot meet the demand of
real-time blood pressure measurement. In order to solve the problems of irregular blood pressure detection methods and low accuracy of
blood pressure prediction methods,a new blood pressure prediction method based on support vector regression model using only photople-
thysmography is proposed. In this method, only human photoplethysmography physiological signal is used. After eliminating noise
pollution and period division of the signal,relevant features are extracted from the original photoplethysmography signal as well as its first
and second derivatives,and the support vector regression algorithm is used to build a model for predicting blood pressure. Experiments
based on data from the MIMIC III database show that the model can effectively predict human blood pressure,and it performs better than
existing methods in terms of mean error and root mean square error. Meanwhile, the predictive values for blood pressure were mostly
within the 96 percent consistent range.
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