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Abstract; Aiming at the defect that the classic Apriori algorithm frequently scans the database during the iterative process,and the data
needs to be reprocessed after the dynamic data is updated, an improved CBEF - Apriori algorithm based on the incremental update of
binary coding is proposed. The core idea of the improved algorithm is to convert the added itemsets and transactions into binary codes, so
as to convert the calculation itemsets support into the binary code bit operation process of the itemsets and the transaction database. The
improved algorithm filters the frequent itemsets generated by the original database and the candidate item sets newly generated by the in-
cremental database, which effectively reduces the size of the candidate item sets,improves the efficiency of the algorithm,and meets actual
needs. The experiment shows that compared with the classic Apriori algorithm and the CBE—-Apriori algorithm, the improved algorithm
mines the number of correct frequent itemsets without reducing,and its computational efficiency is significantly improved, which is 3. 6
times higher than the classic Apriori algorithm at a small data scale. Under a larger data scale, it is up to 10.41 times higher than the
classic Apriori algorithm,and up to 11.53 times higher than the CBE—-Apriori algorithm.
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