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Abstract: The human brain changes dynamically at the second and millisecond level, so the construction of functional brain network by
static connection will cause the loss of some time-related effective features. The purpose of this paper is to study the temporal and spatial
changes of the interaction between different brain regions during the emotional change,and to propose a systematic analysis framework.
The framework includes correlation measurement, brain state segmentation , representative time segment extraction and dynamic network
measurement. First of all, the functional connectivity between different brain regions is measured by correlation size. Secondly, the
singular value decomposition (SVD) vector space distance between the correlation matrix of two adjacent time points is calculated , the e-
motional transition point is determined, and the time slice of non - stationary brain state is segmented to extract representative time
segments. Finally, different network modes are constructed based on correlation mode and power distribution in frequency band. The
dynamic correlation mode and power distribution change are estimated by sliding window method,and then the multivariable features of
network level brain dynamics are extracted and classified. Relevant experiments on the SEED data set verify the feasibility of the
emotional assessment method based on dynamic functional connection, and open up a new way for establishing brain dynamic models

under different emotional states.
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