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Sleeping Members Wake—up Algorithm Based on Feature
Selection and Model Fusion

YUE Jin—xiang,LI Tao,JIA Zhi-qiang,XIAO Jian—-tao
(School of Computer Science and Technology, Wuhan University of Science and Technology , Wuhan 430065 , China )

Abstract; Aimed at the shortcoming of traditional inefficient marketing pharmaceutical sales industry , pharmacy sleep members would be
easier to be awakened the abstraction for binary classification problems,and a predictive sleep member awakening algorithm for drugstore
platform is proposed to solve the limitations of the existing sleep member awakening model applied to drugstore users and the low
accuracy of predicting users’ consumption in stores. A variety of traditional marketing characteristic attributes are proposed from the three
dimensions of members’ behavior, attributes and dynamics. On the basis of multiple perspectives, the unique characteristic attributes of
drug marketing are designed to construct feature sets which are inserted into support vector machine SVM and XGBoost algorithm model,
and Soft Voting method is used for model fusion. The experiment shows that compared with the single model using traditional features,
the precision of the fusion model trained by the feature set extracted by ensemble learning is about 4% higher, the recall is about 5%
higher,and the AUC value is about 15% higher. Therefore,the sleep member awakening algorithm based on feature selection and model
fusion has better awakening effect
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