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A Chinese Text Classification Algorithm Based on Weight Preprocessing

HE Kai, GUAN You-qing, GONG Rui
(School of Internet of Things,Nanjing University of Posts and Telecommunications,Nanjing 210003 , China)

Abstract ; Text classification is an important branch of NLP ( natural language processing). Information retrieval and text mining,as key
technologies in the field of natural language processing ,have brought a lot of convenience to people’s lives,and text classification is an
important basis for the development of those key technologies. Text classification is a hot topic in natural language processing. The main
principle of text classification is to automatically classify text data according to certain classification rules. At present,common text classi-
fication methods are mainly divided into two types: machine learning and deep learning. Their essence is to extract rules from text
information through computer autonomous learning for classification. The text classification model derived from a machine learning
algorithm is often used for application scenarios with a small amount of data and low hardware computing power. We take journal papers
as experimental data to study the classification of Chinese text. Based on improving the traditional word frequency algorithm,a Chinese
text classification algorithm based on weight preprocessing, PRE - TF — IDF ( pre — processing term frequency inverse document
frequency ) ,is proposed. The traditional word frequency algorithm only considers the occurrence frequency of words but does not
consider the position of words in the text when weighing words. Based on the TF-IDF ( term frequency inverse document frequency) al-
gorithm , the PRE-TF-IDF algorithm has two additional steps; weight preprocessing and word density weight. Experiment shows that the
PRE-TF-IDF algorithm can effectively improve the accuracy of text classification.

Key words: natural language processing; word frequency algorithm ; Chinese text classification; weight pretreatment;word density weight
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