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An Improved Collaborative Filtering Algorithm Incorporating

Time Decay Function
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timely reflect the changes of users

Abstract:In the era of big data,the amount of data grows explosively. To help people get the information they are interested in from the

’
mass data, the recommendation system emerges at the historic moment. Collaborative filtering is widely used in recommendation systems
Aiming at the shortcomings of traditional collaborative filtering recommendation algorithms, such as sparse data,low precision, inability to

interest and lack of timeliness, we propose an improved collaborative filtering recommendation
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algorithm based on fusion of time decay function. Based on the traditional collaborative filtering algorithm , the proposed algorithm com-
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and realize the combination of short—term and long—term interest. Experiment shows that the improved method can improve the precision
;
=

) ,
prehensively takes the influence of time factor into account. Users’ interest will change with time,and the items that users are interested
in in a short period of time have higher similarity. By referring to the law of human memory forgetting and fitting the curve of human
memory forgetting, the time decay function is obtained as the weight factor. In the calculation of similarity and user preference, the
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algorithm is constrained by the time decay function,so as to improve the weight of similarity and user interest in a short period of time
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and recall rate of the traditional recommendation algorithm to a certain extent,which verifies the validity of the time decay function
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