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Abstract ; In order to solve the problems of high delay and large error in dynamic control of chassis dynamometer control system,a chassis
dynamometer control strategy based on reinforcement learning is proposed. Based on the PID control algorithm, the torque deviation is
the input of the controller, the control quantity is the output, and the selection of the torque difference is the learning strategy of the
intelligent body reward and the penalty ,and the PID parameter is adjusted by the Q learning algorithm. In the simulation test of chassis
dynamical machine,the control performance of the controller is verified, and the results of the traditional PID control and the neural
network PID control are compared. The experimental results show that the control cycle of the adaptive PID control model based on Q
learning is reduced to 40.7% compared with the traditional PID algorithm,and the control cycle is shortened by 27.9% compared with
the neural network PID algorithm. Compared with the traditional PID control model and neural network PID model, the process of output
force rising of the adaptive PID control model based on Q-Learning is stable and fast. The proposed adaptive PID control model based on
Q learning can effectively improve the control accuracy of the chassis dynamometer and meet the industrial requirements of the chassis dy-
namometer.
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