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Multi-instance Two-stage Model of Solving Image Classification
Problem of Abstract Labels

YU Quan,SONG Jin-yu, YU Xiao—han
(School of Command & Control Engineering, Army Engineering University of PLA,
Nanjing 210007 , China)

Abstract; The trained classification model can accurately identify the specific objects in the image and find out “what is in the image”.

However, there are few researches on the image classification of abstract concept labels such as “what is described in the image” ,and the

research is more difficult. The abstract concept label does not belong to any one concrete object contained in the image,but is a mixture

of many different concepts, so it is quite difficult to learn this abstract label directly. In order to solve the problem of image classification

of such abstract labels, with the help of multi—instance learning method, we design and implement a multi —instance two-stage model

which consists of two stages. The first—stage is based on the modification of Yolo model to extract the concrete object from the image

quickly and accurately,and the second stage is to build multi—layer perceptron and finally obtain the classification abstract concept of

images using the results of the first—stage model. Finally,through a demonstrative experimental case, it is verified that the multi—instance

two-stage model can effectively solve the image classification problem of abstract labels by using multi —instance learning, and the

feasibility of the multi—instance two-stage model is demonstrated.
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