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Review of Knowledge Fusion Research Methods

LIN Shuo,ZHAO Zhen"
(School of Information Science and Technology,Bohai University ,Jinzhou 121013, China)

Abstract: Knowledge fusion is an important part of knowledge management. It can integrate and transform distributed information
sources , which is a process of merging different knowledge of multiple information sources to produce new knowledge. Knowledge fusion
can conduct deep mining of different knowledge bases and realize the sharing between different knowledge system resources, so as to
acquire valuable or available new knowledge. In this study, we mainly review the relevant research methods of knowledge fusion.
Firstly, the research situation at home and broad is summarized, knowledge fusion algorithms such as semantic rules and Bayesian
networks are summed up,and the purpose and future research direction is described. Secondly, the focus is on the three aspects of the def-
inition, model and framework of knowledge integration,aiming to explain the current knowledge integration because of interdisciplinary
intersection , vague conceptual boundaries and no unified framework, which provides new ideas for the general framework of knowledge
integration. Thirdly ,the cutting—edge knowledge fusion methods of machine learning methods and deep learning methods are discussed in
detail ,and the characteristics of knowledge fusion methods combined with specific application examples are analyzed. Finally, the
application status and existing problems and development direction of knowledge integration are summarized and predicted.
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