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A User Profile Generation Method Based on Multi—Aspect
Converged Network
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Abstract; In the era of big data,user profile is becoming more and more important for enterprises to understand and obtain target users,
but the user profile generation method based on statistics cannot deal with unstructured text data,and the traditional model-based user
profile generation method cannot deeply extract user characteristics from multiple angles. In order to achieve more comprehensive and
accurate user attribute prediction, we propose a fusion network user profile generation method based on multi-level feature extraction. By
extracting and sorting the user’s original text keywords, the clause representation based on top 2 keywords and the word vector of top N
keywords are generated respectively. Combined with recurrent neural network and attention mechanism, the classification model of multi—
level user feature extraction is constructed,and the user attribute prediction is carried out by using the original user data. The experiment
on Sogou user search text dataset shows that the classification accuracy of the proposed model is significantly improved compared with
other baseline models, reaching 0. 73. The ablation experiments further show that each module plays an important role in effectively
extracting user features, so as to improve the classification accuracy.
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