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Video Instance Segmentation Method Based on Motion
Tracker and Feature Aggregation

ZHOU Zhen,LI Ying,LIU De-yun,JI Gen-lin
('School of Computer and Electronic Information/ Artificial Intelligence ,Nanjing Normal University,
Nanjing 210023, China)

Abstract; Video instance segmentation ( VIS) provides a deep understanding of video and it is a pre—task for advanced tasks such as in-
telligent surveillance , autonomous driving and robotics. Many works focus on the image segmentation,but there is relatively few research
on the video instance segmentation. There are many problems in applying image segmentation to video,the main problem is the poor seg-
mentation and tracking result caused by instance occlusion,image blurring and so on. To solve the above problem, we propose a video in-
stance segmentation method based on motion tracker and feature aggregation ( MTFA ). This method uses motion tracker to track
instances across frames and assign labels to instances. According to these labels, the feature information of the same instance is extracted
from other frames by instances in current frame, then the feature information of the current frame is enhanced by fused features from atten-
tional feature aggregation module and segmentation masks are generated with enhanced feature. The best AP of the proposed method in
the Youtube-VIS dataset test is 38.3% (ResNet-50) and 41.2% ( ResNet-101).
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