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Epidemic Data Prediction Based on Combined Prediction Model
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Abstract ; Public health security incidents are often major issues that affect a region,a country,and even the entire world. The outbreak of
corona virus disease 2019 (COVID-19) quickly swept across many countries,and timely understanding of the changes in the number of
confirmed cases of the epidemic is very important to assist in the discovery of the transmission pattern and characteristics of the
pneumonia epidemic. In response to this problem, we propose a combined prediction model to predict the cumulative number of
confirmed cases of COVID-19. Firstly,the historical cumulative number of diagnoses is obtained from the data released by the National
Health Commission and other authoritative institutions. Then based on prediction results of the Logistic model and the long short—term
memory deep learning network model (LSTM) , the sequence of the cumulative confirmed number of people in a certain period of time is
selected to train the linear combination parameters to obtain the final combined prediction model. Finally, the proposed model and the
three models of Logistic, LSTM and SEIR are compared in terms of performance according to the prediction performance evaluation
indicators such as RMSE. The experimental results show that the RMSE of the proposed model is 10. 101 7 ,the MAE is 7. 633 6 ,and the
MAPE is 0.008 3% . Its accuracy and fitting effect are better than other models, which can provide technical support for subsequent
epidemic prediction and prevention and control.
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