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Personalized Recommendation Method Based on Time
Representation Learning

REN Qiu-zhen,CHEN Hong-mei,ZHOU Li-hua

(School of Information Science and Engineering, Yunnan University , Kunming 650500, China)

Abstract ; Personal recommendations have become an important technology in modern intelligent services, and time information is an
important factor affecting the effectiveness of personalized recommendations. However, some existing personalized recommendation
methods based on network representation learning abstract things and their relationships as homogeneous networks , ignoring the inherent
heterogeneity ; some model things and their relationships as heterogeneous networks, but do not make use of time information.
Accordingly , we propose a personalized recommendation method based on Time Representation Learning Incorporating into User
Collaborative Filtering ( TRLIUCF) , which integrates temporal information, textual information, and rating information of reviews to
obtain better results. Firstly , we extract the comment sentiment features based on the comment text,and extract the comment time features
based on the time information,and propose the comment integrated sentiment—contribution value and its calculation method. Then,a user—
item-review heterogeneous network is created based on the comment integrated sentiment—contribution value and user review data,and a
network representation learning method is used to learn the node embedding vector. Finally,user similarity is calculated by the embedding
vector of the user node and TOP-N recommendation is executed using user—based collaborative filtering. Experiments on two real
datasets of different sizes show that the TRLIUCF method improves recommendation precision and recall compared to the benchmark
method.
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