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Research on Degree Early Warning Method Based on Feature Selection
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Abstract; The successful acquisition of a degree by college students is not only crucial to their personal employment development, but also
one of the important indicators to measure the quality of college teaching. Degree early warning is one of the important applications of
educational data mining. The degree warning can warn students of their degree information as early as possible, student can adjust their

learning state and methods in time. At the same time, accurate degree warning can provide reference for improving teaching guidance
strategies. The existing early warning models are mostly built based on all performance data, which makes the accuracy of the

warning of college students.

constructed model is insufficient. Therefore, the degree early warning model based on Fisher feature selection method is proposed.
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Firstly , Fisher’ s score is used to preliminarily screen the features. Then, the degree warning model is built with the selected features.

Finally , the degree obtaining situation is predicted through the early warning model. In order to test the effectiveness of the proposed

method, a large number of experiments were carried out on the real data of seven majors of Chinese language and literature major,

chemistry major,and mathematics and applied mathematics in university. The experimental results show that the proposed degree early
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warning method based on feature selection has excellent accuracy and practicality,, and can provide data support for the degree early
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