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Fabric Retrieval System Based on Convolutional Neural Network

WANG Biao, WU Tao
(School of Computer Science,Xi’ an Polytechnic University ,Xi’ an 710600, China)

Abstract: Aiming at the characteristics of many types of textile fabric images on the market,complex visual features and large amount of
data,in order to solve the problems of slow retrieval speed and low retrieval accuracy of traditional image retrieval methods, a fabric
retrieval method based on deep learning is proposed. It adopts transfer learning, fine—tunes the structure of the VGG16 network ,adds the
BN layer to improve the generalization ability of the model,and adjusts the number of neurons in the FC layer to reduce the amount of
computation. At the same time, the loss function is optimized to constrain the model to learn the characteristics of similar or the same
fabrics are also similar. Using the fabric provided by the textile enterprise as the data set to train the model, the network model for
extracting fabric features is obtained. When conducting online fabric retrieval , the faiss vector retrieval tool is used to quickly calculate the
similarity between the characteristics of the fabric to be retrieved and the feature library,and obtain the retrieval result of similarity top—k.

Experiments show that on the enterprise fabric data set,the retrieval mAP of this system can reach 0.892,and the retrieval time is only
0.012 seconds, which is better than that of the previous algorithm,thus verifying its feasibility.
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