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Abstract; Due to the characteristics of synthetic aperture radar ( SAR) images,such as the dense arrangement of ship targets on the shore,
which are easily affected by land, resulting in the low detection rate and high missing rate of ship targets on shore in SAR images, a target
detection algorithm based on the improved BiFPN feature fusion module based on YOLOVS is proposed. The CBAM attention mechanism
is added to the Backbone of YOLOVS to learn the features of ship targets through the attention mechanism and improve the feature
extraction capability of the backbone network. Using SIoU as a new loss function, the relationship between the predicted box and the real
box is redefined to achieve new high—precision positioning. Added four—scale feature detection,a large—scale feature detection layer is
redefined. Correspondingly,the original PANet in the feature fusion module is replaced by Improved multi—scale weighted Bidirectional
Feature Pyramid ( BiFPN) network structure to achieve an efficient feature fusion module corresponding to the detection layer. The ex-
perimental results show that the R and mAP of the algorithm in the public HRSID ship data set have reached 88.2% and 94.3% ,
respectively , which are 2 and 2. 7 percentage points higher than that of the original YOLOVS algorithm, which have achieved the accuracy
of small requirements for object and dense object detection.
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YOLOVS 0.919 0.862 0.916
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