HTENMRARSARE

COMPUTER TECHNOLOGY AND DEVELOPMENT

Z N S A

fohe

Vol.34 No. 11
Nov.

2024

&

=1
JRKAT R OB AL
(1.m X5 #t3H 7}%5’—1’;& W)l AR 610065 ;
2. W KF ML RBAYAREREEFHEZRE, Wil &# 610065
3.PEAFEALERARAE, W@ KA 610036)
WO U T A R S A N 7 1 SR T 1 43S A T T 35 o A A A A
2T TR AR A2 18], TS A WA 55y A (O A 2 A 25 15
— T A A K R RS
i B

F AR FESY
VTG AR 2 s . e, BT R R

PR T S AL AR
AE Ty 59 A MEAS i SCIR T
VE SCARHERAE B T —Fh
L. Hk SR V3 2%
SEREN | AL T MBI B A L %A TE SumMe $HR 2 M % B K M 58 % B F-Score 2 IRTF T 0.5
i s SRR RE
hESHES . TP91.4

VERIE R A
IERLAIEE A PR B TR AR IO R B 32 T SR MURRAE 26 /R 6 0 5 vk, SR 1 1 RIVRRAE 4 738 W 45
XERARINED ;A

‘|~ >
IAHI
-
Xt A R ARV T 4 JRy B SR (A AR A A IS, Al 22 U BE 11 R S B 19 438 S o e 2 ) G 15 O P AT B2, S
SrHEAN 1.4 E 4y S TE TVSum BdlidE ik 5 F-Score,
SRR - O W B LA H VR TIP 4% RAIE 4 TR 45
%]
doi;10.20165/j. cnki. ISSN1673-629X.2024. 0239

SRE T

XEHS :1673-629X(2024)11-0029-07

Research on Unsupervised Video Summarization Algorithm Based on

Multimodal Fusion

PAN Tao' ,CHEN Hu'? ,HUANG Ju’,WU Chang—ke’>,DENG Biao’ ,WU Zhi—hong

2
b
(1. School of Computer Science, Sichuan University , Chengdu 610065 , China

.3
2. State Key Laboratory of Fundamental Science on Synthetic Vision, Sichuan University ,Chengdu 610065, China
3. Dongfang Electric Corporation,Chengdu 610036 ,China)

adequate utilization of multimodal information and weak feature expression capabilities

’
Abstract; The aim of video summarization is to construct concise and comprehensive summaries by selecting the most important content
of the video, facilitating a rapid understanding of the video and conserving storage space. Existing methods face challenges including in-

summarization algorithm based on multimodal fusion and multiscale temporal information. Firstly, we introduce a two —stage feature
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fusion module based on video images,audio,and text features, preserving non—redundant information between modalities and enhancing
the representation capability of features. Then,we employ self-attention and feature pyramid networks to obtain global and local temporal

We propose an unsupervised video
dependencies, select keyframes based on multi—scale contextual information,and form a high—quality video summary. The experimental

settings , respectively. Moreover, it has achieved the highest F-Score on the TVSum dataset

results demonstrate that compared to other unsupervised video summarization algorithms, the proposed algorithm has achieved an
improvement of 0.5 percentage points and 1.4 percentage points in F—Score on the SumMe dataset under canonical and augmented
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