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Abstract ; Continuous changes in software increase the complexity of maintenance. To improve the maintenance efficiency, we propose a
focused code modification identification method based on Dynamic Abstract Syntax Tree ( DAST). The traditional modification
identification method mainly relies on syntactic analysis and ignores the important information of program semantics, resulting in limited
accuracy and granularity of identification. The key information of the code is extracted by DAST and the syntactic structure and semantic
information is combined to improve the programmer ‘s key code modification identification accuracy in the programming process.
Meanwhile, we introduce an attention mechanism to further highlight the frequently modified regions of focused code. Finally,
experiments are conducted on version change and three different programmers” datasets. It is showed that compared with the traditional
focused code modification identification method,the proposed method improves both accuracy and stability, and verifies the effectiveness
in the task of focused code modification identification,thus improving the software maintenance efficiency.
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