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Abstract; The extraction of Tibetan emotional triplets (aspect words,emotional words,emotional polarity) is a core task in fine—grained
sentiment analysis, which is crucial for a deep understanding of Tibetan emotional expressions and trends. However,the unique language
structure and cultural background of Tibetan make its emotional expression different from other languages, thereby increasing the
complexity of fine — grained sentiment analysis. To enhance the capability of extracting Tibetan emotional triplets, we propose the
OpinionNet—OTE-MTL model, which integrates part—of—speech information, Word2Vec word vectors, and absolute position vectors.
Feature extraction is performed through Bidirectional Long Short—-Term Memory networks ( BILSTM). Given the diverse types of parts
of speech in Tibetan, we analyze a large amount of emotional datasets and extract 11 types of parts of speech to assist in model
recognition. Finally, to validate the effectiveness of the OpinionNet - OTE — MTL model, comparative experiments and ablation
experiments were conducted on a self—constructed dataset of 2 000 Tibetan sentences for fine—grained sentiment analysis. The ablation
experiments indicated that part—of—-speech information had a greater influence on the model than positional information, resulting in a
3. 06 percentage points increase in the F1 score of triplet extraction. Comparative experimental results showed that after integrating part—
of-speech and positional features into the model, the precision, recall,and F1 score of the emotional triplet extraction task increased by 4.

73 percentage points,6 percentage points,and 6. 14 percentage points respectively compared to the baseline experiment. Integrating part—

W #5 H #5:2024-06-14 & B #1:2024-10-16

E£H VO A G XFBHE I H (XZ202401JD0010)

EE B s (1997 -) , L (980) , B L-AF ST A BIFSE 5 1) AL SRR AL B BARAE R B0 15 (1974-) e () , B, Wi WE5E 5 i) A
SR AL e e 2 0 AR AR AR S AL B,



%2 3]

S0 s A5 - TS R M AR P ST R =T

ZF Fh BB Y <131 -

of—speech and absolute positional information enables the model to better understand the grammatical structure and semantic rules of

Tibetan , thereby improving the accuracy of emotional triplet classification tasks.
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4.2 EHLIy

BRI A IR LS N 7 B, Hod ap S5 1T
TAEBUT 55, op &1 BRI R BUT: 45, triple iy = JC4H 1R
BT 45, CMLA #8328 AL R 4R BURHAE , %
T TR B SCAS g T TR AT S IR, HAST A5 5 53
SRR RN B R I R AR R e R BE . AE D T
1] (ap ) FEHUZ T HAST FAY R AE , HORS 86 R 1 Fl
{E Lt OTE-MTL AR &5 7 1.38 H AR 1.55 B4y
/5, OTE-MTL R 7 = S0 240 42 B ( triple ) J7 1T , 3¢
% Ad, F1{E A lE HAST HICMLA 43 542 85 72.73

%7 FAEABRALAFERZTHEMESL LG EZHERTIL %

o ap( J5 iR ) op (1A triple ( /8 =J041)
KigR HREER F1 f& i RS CE S F1 {8 i S S TR S F1 {A
HAST 39.46 44.49 41.83 61.90 64.99 63.41 35.15 22.99 27.43
CMLA 30.27 41.24 34.92 32.69 42.99 37.14 16.49 11.74 13.72
OTE-MTL 38.08 42.74 40.28 62.38 66.74 64.49 43.80 22.99 30.16
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LURRE

HA SR 16.44 A 4 pi . B SIS R K, B
SRy T 1) 42 HOZ 1 HAST B AU T OTE-MTL, {2
Xof AN [ — T A R IBURING 84 il $2 U RUR 7E OTE -
MTL #5541 |- Z M fE, P S S8 7F OTE-MTL
RS B A
4.3 HBLICIS

kT B ARE () A 1) 1 R 7 ) 2 B Opinion-
Net-OTE-MTL A1 5 & B 353 7 1 b S2 56 34
TRV AL B AR Y S R RO, SEIR R NSk 8 T,
5 OTE-MTL BB AH Fb, AL fl A 8] 4 1) POS - OTE -
MTL 7 = JCLH 4R BUT 55 (triple) FR I T —FE Ay
Tk, Hrp F1L 4R T 3,06 7143 A, X R WIH:(E B
XFFRASCA R =l R R EA —E B, 507
T ) $2 BUAE 45 I, POS — OTE - MTL £ %1 4H [t OTE -
MTL #8 F1AEHRTE T 3.09 455, BRI ) i) 4 B
05 A BT A B T/0) 2548 R0 i SUFf 6.4
7N BRSOk I R SCHR g, HOR, 5 OTE-MTL

BORAR 6 = 04 (triple) 42 BUT 55 I, Bl A B A5
S Position-OTE-MTL #i%! F1 {5427+ T 2.83 A4
A SACE AR PR EL D T 0,23 H AL IR, 4
SAEW] T B AR PR B = 04 R BI B e R T
{58, §J5,4 OpinionNet—-OTE -~MTL # % il & T i)
PR AR B, SO RE SR T O B3, AE —oudl it
B (triple ) /%55 I, 5 AL @l A48 1 B9 POS-OTE-MTL
BEHIAH L, OpinionNet—OTE-MTL #5551 KGR 74 [l
A FL AR T 4,68 T84 2,25 T 43 R 3.
08 H 45, IMiAES ik A 15 B B Position—mtl 5
RUAH LL B, 7F 77 18 5] (ap ) $2 HUAE 55 I, OpinionNet -
OTE-MTL #E RS PRG54 [0 2520 F1 B 43 51 32
4.76 EHAr S 1.5 EHA S 3.33 HAr A, THRSEE K
ZEHESL T OpinionNet —OTE - MTL A% 7 3 i % & 1)
PR AR B, AR A BT 5 TR T 4 R Y A K
P IR TS IR = ST 55 PR B B R 15 T AR
.

8 HWmMEBEZR %

o ap (7T A ) op (1F i) triple( = J041)
K HE Fl K Al Fl ki HllE Fl1 {4
OTE-MTL 38.08 42.74 40.28 62.38 66.74 64.49 43.80 22.99 30.16
Position—mtl 40.25 46.99 43.36 59.16 63.74 61.37 39. 64 28.24 32.99
POS-OTE-MTL 40.16 47.99 43.37 61.35 65.74 63.36 43.85 26.74 33.22
OpinionNet—-OTE-MTL ~ 45.01 48.49 46.69 57.00 58.99 57.98 48.53 28.99 36.30

5 ZRIE

I SC P JER — T Al BRI 551 SR 8 4 8 4R 1
TS BT, B BRI R SR T, AR T2 450 1) 1
2 CERAE T AT RTEAN A 1 B, EFXFH
FE SCHE & = JC A B 98 35 /0, IF LR S A A 2 1 I
BRI MERYJE R % 3C#: T OpinionNet—OTE-MTL 5
R ZAIRLIE o 45 A R AU SR T A B S
AT AR 1 SO I B B T P Y Rl A AT LA B G
b AV TR ) G SRR ] A7 ) Tl A D B T AR TR X
55 SRS 1) A B AR BB T A S R B R S B YR
B T A b

PEAh B SCHE R —FhETE 5 M 2 a5 130
Z & T ERAL B AR S, BAREE N A AR, A 7E
& FEULME A = R 208 L SO ) B, SRR AR 2R
RITRlE T 22 B SO TR S5 A AR AR B, DA 5 ik
SO IR BT O A0 S50 R A T TR 76 B0H A 2y
B PR AL AR 45 & N AR IE M 5 v, DL S B 7
JE SRR FE R A R AFE I S IR O R )
BT FIE 22 I HLA S5 Sk AR R T A i — 2D 42 T

I =T S I TR JE
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