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Abstract: In order to solve the problem that the traditional named entity recognition method is difficult to solve the problem of multiple
meanings of words in financial texts and insufficient semantic feature extraction of texts,a named entity recognition model in the financial

field based on LERT-BiTCN-CRF was proposed. Firstly,the LERT model was used to pre—train the input financial text to generate the

corresponding character vectors. Then, by adding a reverse convolutional layer inside the TCN, it was improved into BiTCN, and the

random field ( CRF)
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BiTCN was used to encode the character vector to extract the global semantic features of the character vector. Finally ,CRF was used to

=

decode to obtain the best predicted label sequence. Comparative experiments were carried out on two financial domain datasets, the public
=]

dataset ChFinAnn and the self—made dataset FinanceNER, and the F1 values of the model on the two datasets reached 84. 16% and

2N

92.17% ,respectively. Compared with other models, the proposed model has better effect in the named entity recognition task in the
financial field, indicating that the model has certain effectiveness. At the same time,comparative experiments were carried out on the
indicating that the model has a certain generalization.

public Resume dataset, and the F1 value of the model was increased by 2. 31% compared with the baseline model BiGRU - CRF,
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